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Abstract
Information retrieval (IR) research must understand and contend with the social implica-
tions of the technology it produces. Instead of adopting a reactionary strategy of trying
to mitigate potential social harms from emerging technologies, the community should aim
to proactively set the research agenda for the kinds of systems we should build inspired
by diverse explicitly stated sociotechnical imaginaries. The sociotechnical imaginaries that
underpin the design and development of information access technologies needs to be ex-
plicitly articulated, and we need to develop theories of change in context of these diverse
perspectives. Our guiding future imaginaries must be informed by other academic fields,
such as human-computer interaction, information sciences, media studies, design, science
and technology studies, social sciences, humanities, democratic theory, and critical theory,
as well as legal and policy experts, civil rights and social justice activists, and artists,
among others. In this perspective paper, we motivate why the community must consider
this radical shift in how we do research and what we work on, and sketch a path forward
towards this transformation.
Keywords: IR and society, Sociotechnical imaginaries, Theory of change, Technology
and power

1 Introduction

Information retrieval (IR) research must understand and contend with the social implications
of the technology it produces. Nearly half a century ago, Belkin and Robertson (1976) con-
cluded that IR research should acknowledge its responsibility to society and “must become
both theoretically self-conscious and self-consciously based upon a social ideology”. This
perspective has gained traction in the IR community in recent years. Researchers in atten-
dance at the third Strategic Workshop in Information Retrieval in Lorne (SWIRL) (Culpep-
per et al., 2018) identified fairness, accountability, confidentiality, and transparency in IR
(“FACT IR”) as socially consequential and strategically important research directions for the
field. The following year, the FACTS-IR workshop (Olteanu et al., 2019) added “safety” as
a fifth pillar. Subsequently, a large body of recent IR literature has grappled with questions
of fairness, transparency, and explainability in the context of information access.

However, it is our perspective that this growing focus on fairness and ethics in IR—
despite having played a critical role in bringing much-needed attention to the societal impli-
cations of IR systems and advancing the conversation about the IR community’s responsi-
bility to broader society—operates within a severely constrained frame that leaves the many
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underlying values, politics, and socioeconomic incentives that guide IR research largely un-
challenged. For example, faced with the applications of generative artificial intelligence (AI)
for information access the IR community has focused on concerns of fair ranking and rep-
resentation and limiting model “hallucinations”1 for good reasons, but have largely ignored
other significant consequences of these technologies on society, such as for the information
ecosystem and how these systems concentrate power and control (Mitra et al., 2024). In ma-
chine learning (ML), there has been similar recent perspectives (Blodgett et al., 2020; Miceli
et al., 2022) that, for example, calls for shifting the lens from fairness and bias to the power
differentials that exists between those who build technology, those who use it, and those who
are subject to it. Others in the ML community have brought attention to the questions of
how these technologies shift power (Kalluri et al., 2020) and simultaneously constrain ethics
interventions in practice (Widder et al., 2023) and shape our collective sociotechnical futures.
Even by accepting the frame that we should develop fairness and transparency mechanisms
for certain systems, we may inadvertently ignore the alternative perspective that some of
these technologies should be dismantled, not made fairer, nor more transparent (Barocas
et al., 2020; Wilkinson et al., 2023; Merchant, 2023). Consequently, at the recent fourth
SWIRL workshop2, researchers in attendance called for expanding the “FACTS-IR” framing
to center IR research on societal, democratic, and emancipatory values. Similar sentiments,
including re-centering IR on societal needs and informing IR research with democratic the-
ories, were also discussed at the first Search Futures workshop (Azzopardi et al., 2024b).

What do we propose? In this paper, we argue that IR research, instead of adopting a
reactionary strategy of trying to mitigate potential social harms from emerging technologies
by developing new fairness and transparency interventions, should aim to proactively set the
research agenda for the kinds of systems we should build inspired by diverse explicitly stated
sociotechnical imaginaries. Towards that goal, IR research needs to explicitly articulate
the sociotechnical imaginaries (Jasanoff and Kim, 2009, 2015) that underpin the design
and development of information access technologies, and develop theories of change (Weiss,
1995; Brest, 2010; Taplin and Clark, 2012; Wikipedia contributors, 2013). Jasanoff and Kim
(2015) define sociotechnical imaginaries as “collectively held, institutionally stabilized, and
publicly performed visions of desirable futures, animated by shared understandings of forms
of social life and social order attainable through, and supportive of, advances in science
and technology”. These shared visions do not only imagine but also co-produce our futures
through development and government of digital technologies (Mager and Katzenbach, 2021).
Diverse imaginaries promoted by different corporations, professional communities, political
organizations, and social movements can coexist “in tension or in a productive dialectical
relationship” (Jasanoff and Kim, 2015).

In technological research and development, these diverse, and often diverging, perspec-
tives and visions that guide the community frequently remain implicit and unstated (Wilkin-
son et al., 2023) despite the significant influence they exert on what the community focuses
on and produces. Because of the consequential role that access to information plays in polit-
ical participation by citizens in democratic societies and social transformation (Higgins and

1. We acknowledge that the term “hallucination” anthropomorphizes AI models and its usage should be
discouraged. However, given the popular usage of that term in the IR community, we make an exception
here for clarity.

2. https://sites.google.com/view/swirl2025
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Gregory, 2013; Polizzi, 2020; Goldstein, 2020; Correia, 2002; González, 2021), and as a social
determinant of health (Moretti et al., 2012) and economic progress (Yu, 2002; Mutula, 2008),
it is even more important to critically reflect on the values and motivations that guide the
design and deployment of popular information access systems. What sociotechnical futures
do IR researchers and system designers envision and how do they influence the design of cur-
rent and future IR systems? Whose sociotechnical imaginaries are granted normative status
and what myriad of radically alternative futures are we overlooking? For example, what are
the implications of the reliance of popular search and social media platforms on advertising
as the primary source of revenue generation (Ang, 2022) and how does Big Tech’s (Oremus,
2017) increasing dominance over academic research (Whittaker, 2021) influences and/or
homogenizes the kinds of IR systems we build? What is our role, as IR researchers, to
safeguard communities from falling victim to crisis of imaginations (Haiven, 2014) and how
do we become more open to welcoming influences from radically new sociotechnical imagi-
naries? For example, what would IR systems look like if designed for futures informed by
feminist, queer, decolonial, anti-racist, anti-casteist, anti-ableist, and abolitionist thoughts,
and if the focus of IR research was not to prop up colonial cisheteropatriarchal capitalist
structures but to dismantle them? We believe that explicating, critiquing, and consciously
choosing the values and sociotechnical imaginaries that shape IR research is critical to real-
izing positive social outcomes through IR research. As Benjamin (2024) argues, exercising
our imagination is “an invitation to rid our mental and social structures from the tyranny
of dominant imaginaries”, or as Le Guin put it:

“The exercise of imagination is dangerous to those who profit from the way things
are because it has the power to show that the way things are is not permanent,
not universal, not necessary.”

– Ursula K. Le Guin
The Wave in the Mind: Talks and Essays on

the Writer, the Reader, and the Imagination (Le Guin, 2004)

For IR to concretely support diverse sociotechnical imaginaries the research community
also needs to develop their own theories of change. Theory of change (Weiss, 1995; Brest,
2010; Taplin and Clark, 2012; Wikipedia contributors, 2013) can be defined as a participa-
tory process whereby groups and stakeholders articulate their long-term goals and identify
necessary preconditions in a planning process. Consequently, in IR adjacent fields—e.g., in
the Fairness, Accountability, and Transparency (FAccT)3 community—there has been sim-
ilar recent calls to reimagine our sociotechnical futures (da Hora et al., 2024) and develop
theories of change (Wilkinson et al., 2023) to make explicit the visions for desired futures of
responsible computing and the strategic pathways that lead to those desired futures. Here,
we argue that IR research similarly needs to both explicitly articulate and support diverse
imagined futures and develop corresponding theories of change for how new information
access technologies can take us towards these desired worlds. Theories of change in this
context may benefit IR research by encouraging community members to make their goals

3. https://facctconference.org
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and assumptions explicit, making it feasible to test stated theories, encouraging the com-
munity to work towards building consensus, and even aid in developing potential means of
evaluation of desired progress (Weiss, 1995).

Maximizing social good and minimizing harm in this context should not just be the
concerns of the few in our community working on fairness, transparency, ethics, and related
areas, but the domain of all IR research that should be guided by theories of change towards
these envisioned futures. In this context, we largely agree with the perspective of Belkin and
Robertson (1976) but diverge on a critical point which is that we believe IR research should
not seek any singular notions of “universal” social ideology but explicitly adopt pluralistic
humanistic and emancipatory values and make space for diverse visions and perspectives.

Consequently, the task for IR researchers here is not to put themselves in positions
to pick the guiding social ideologies nor push technosolutionism to address today’s social
problems. Instead, our guiding future imaginaries must be co-developed with scholars from
diverse fields such as human-computer interaction (HCI), information sciences, media stud-
ies, design, science and technology studies (STS), social sciences, and political sciences, as
well as legal and policy experts, civil rights and social justice activists, and artist, to name
a few. Not all sociotechnical imaginaries are equal in this respect, and what futures guide
our research must be informed by the values and ethics of our community, which should be
constantly discussed, debated, and challenged by the community as part of our sociotech-
nical research and be open to external critique. To summarize, as a research community
we should invest our energies and resources to: (i) Nurture digital spaces where radical vi-
sions and projects for human emancipation, social progress, and equity and justice can take
shape, (ii) encourage experimentation within our research community with new approaches
to information access informed by new sociotechnical imaginaries cross-pollinating through
interdisciplinary scholarship, and (iii) ensure that the tools and artefacts we produce as
a community do not uphold systems of oppression nor contribute towards other systemic
social harms.

So far, we have argued that IR research should explicate the sociotechnical futures we want
to realize and develop theories of change towards these desired futures. In Section 2 we
present a brief overview of existing literature on fairness and ethics in IR, and share our
critical perspectives on it to motivate our work. Then, in Section 3 we draw from relevant
movements in IR-adjacent fields, specifically those with explicit values and prefigurative
politics; we share some ideas on how the community can get started on this journey; and
who should be doing this work. In Section 4 we motivate why now is an appropriate time
for the community to consider this shift. We conclude in Section 5 with some final remarks
on potential pitfalls and desired outcomes. Our goal with this paper is to raise sociopolitical
consciousness in the IR research community so that we all see our research embedded in
projects of future world making and recognize our collective responsibility to affect social
good; and to dismantle the artificial separation between the work on fairness and ethics in
IR and the rest of IR research.

2 Background

IR systems act as intermediaries between information seekers and information artefacts.
These artefacts may represent: (i) economic and other opportunities for consumers, (ii) mon-
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etization opportunities for content creators and publishers, (iii) specific sociopolitical frames
and ideologies, and (iv) lenses to view individuals and groups that are subjects of represen-
tation by the content. These systems infer the information need from highly incomplete
expressions of interests (e.g., short keyword-based search queries for web search) or implicit
signals (e.g., history of previously accessed artefacts in case of recommender systems), and
make subjective estimates of an artefact’s relevance to the information need. Consequently,
these systems are not neutral tools for lookup (Noble, 2018) and the choices these systems
make exert systemic influence over what information is exposed and consumed at scale.
These systems bear a responsibility to society to not only mitigate potential harms, like
allocative and representational harms (Crawford, 2017), but also to maximize social good.

Representational harms may happen due to reinforcement of negative stereotypes (e.g.,
by disproportionately suggesting arrest record searches in ads corresponding to searches
for black-identifying first names (Sweeney, 2013) or suggesting racist stereotypes in query
autocompletion (Noble, 2018)), by pandering to the white male gaze (e.g., by sexualizing
women of color in search results (Noble, 2018; Urman and Makhortykh, 2024)), and through
erasure (e.g., underrepresenting women and other historically marginalized peoples in image
search for occupational roles (Kay et al., 2015)). Allocative harms may manifest from
disparate exposure in search and recommendation results (Singh and Joachims, 2018)—e.g.,
when women are recommended lower-paying jobs in ads (Datta et al., 2014) or by influencing
traffic to websites that depend on ad-monetization. Beyond direct representational and
allocative harms, these systems also hold tremendous power to shape political discourse and
culture (Grimmelmann, 2008; Gillespie, 2019; Hallinan and Striphas, 2016).

In light of these, there has been multiple calls (Culpepper et al., 2018; Olteanu et al.,
2019) in the IR community to study and address these potential harms. Bernard and Balog
(2023) report a significant rise in publications in this area after 2016, with fairness and trans-
parency receiving the most attention. The increasing focus on these sociotechnical aspects
of information access has been at least partly in response to recent advances in founda-
tion models (Bommasani et al., 2021) and their implications for the future of information
access (Shah and Bender, 2022; Mitra et al., 2024).

Fairness in ranking has garnered so much interests that there are numerous recent sur-
veys (Ekstrand et al., 2021; Zehlike et al., 2021, 2022a,b; Pitoura et al., 2022; Dinnissen
and Bauer, 2022; Aalam et al., 2022; Patro et al., 2022; Wang et al., 2023; Li et al., 2023;
Deldjoo et al., 2023) and tutorials (Ekstrand et al., 2019; Gao and Shah, 2020; Li et al.,
2021; Fang et al., 2022; Bigdeli et al., 2022) summarizing this emerging body of work, as
well as shared tasks (Biega et al., 2020, 2021; Ekstrand et al., 2023). The fairness questions
have typically been framed around disparate quality-of-service—e.g., (Mehrotra et al., 2017,
2018; Neophytou et al., 2022; Wu et al., 2024)—and disparate exposure—e.g., (Biega et al.,
2018; Singh and Joachims, 2018, 2019; Diaz et al., 2020; Zehlike and Castillo, 2020; Patro
et al., 2020; Wu et al., 2022b). Several recent works (Smith and Beattie, 2022; Raj and
Ekstrand, 2020, 2022; Boratto et al., 2022, 2023) have also systemically compared various
fairness metrics proposed in the literature.

Beyond fairness, there has been renewed interests in questions of transparency and ex-
plainability (Zhang et al., 2020; Anand et al., 2022), addressing misinformation (Zhou and
Zafarani, 2018; Kumar and Shah, 2018; Sharma et al., 2019; Collins et al., 2021; Zhou and
Zafarani, 2020; Saracco et al., 2021; Guo et al., 2022), and broader ethical concerns in
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IR (Schedl et al., 2022). Transparency in IR covers a broad range of scenarios and con-
cerns. Examples include transparency about how the system behaves (Singh and Anand,
2019; Verma and Ganguly, 2019; Singh and Anand, 2018; Zhuang et al., 2020) and how
data subjects are represented in search results (Biega et al., 2017; Li et al., 2022). Trans-
parency needs may specifically arise in the context of how information and knowledge access
systems modulate what and who get exposure and influence how we see ourselves and oth-
ers (Cortiñas-Lorenzo et al., 2024). Different notions of transparency may be relevant here,
including but not limited to: System transparency (i.e., how does the system work?), proce-
dural transparency (i.e., in what social norms and processes is the system use embedded?),
or transparency of outcomes (i.e., what is the impact of the system’s use on individuals and
society?). New transparency needs (Liao and Vaughan, 2023) may also arise in the context
of emerging technologies, such as large language models (LLMs) (OpenAI, 2023; Thoppilan
et al., 2022; Chowdhery et al., 2022; Touvron et al., 2023).

2.1 Critical perspectives on fairness and ethics research in IR

It is important that we critically assess how the body of fairness and ethics research in IR
translates to real world impact. But on this, there is little in the published literature to go
on. It is plausible, for example, that the research on ranking fairness has been operational-
ized in, or at least has influenced the designs of, popular IR systems in recent years, but
institutions who build these systems have rarely publicly disclosed any information in that
regard, may be to obfuscate details of system design from bad actors or for competitive rea-
sons. Alternatively, it is also plausible that in fact many of these approaches have not been
operationalized, or only been operationalized in very constrained settings, because industry
adoption is lagging behind research or that existing fairness research is built on abstractions
and assumptions that are incompatible with real world deployment.

Studies of search logs (Jiang et al., 2013; Chuklin et al., 2015) have historically served
an important role in IR research for understanding user and system behaviors and how the
two interact. Similarly, online experimentation (Kohavi et al., 2007, 2009, 2020) has been
key to validating the outputs of IR research in the real world. In contrast, to the best of our
knowledge, there are very few fairness studies—e.g., (Mehrotra et al., 2017, 2018; Raj et al.,
2023)—in IR that make use of search logs, while it may be argued that the user interaction
data in these logs are exactly where we should be looking to identify which social harms
are common in practice and understand how exactly they manifest. Similarly, there is an
urgent need for validating proposed fairness interventions from the literature through online
experimentation, involving real users and real information needs, to ensure that fairness
research is grounded in actual needs of the society and does not amount to just academic
intellectual exercises. While the lack of log-based studies and online experimentation in
fairness research is likely due to the lack of access to commercially-deployed systems and
corresponding log data for academic research, we must critically enquire why this manifests
so much more severely in fairness research compared to other areas of IR, such as in ranking.
To do so, we must expand the frame beyond questions of algorithmic fairness, and examine
the very sociopolitical context in which this research is being conducted, the economic
incentives and risks that shape it, and the power differentials between institutions and
individuals that determine what research is allowed and who is allowed to do it (Whittaker,
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2021; Widder et al., 2023). This lack of access to data and systems not only makes it difficult
to reproduce, validate, and challenge the claims in existing fairness studies,4 but also limits
what fairness questions the community is allowed to investigate.

We should also critically reflect on what questions should or should not be framed as
fairness problems, and the societal consequences of doing so. For example, one of the mo-
tivating scenarios described by Morik et al. (2020) is exposure fairness for search results
across different ends of the political spectrum. A similar question has also been studied
by Kulshrestha et al. (2017). Casting this as a fairness issue, however, has several prob-
lematic implications and consequences. Firstly, this assumes an overly-simplistic frame in
which complicated intersecting political ideologies are mapped to a linear spectrum (e.g.,
left vs. right and Democrats vs. Republicans) and holds the two ends static rather than a
continuously shifting window of acceptable discourse (Lehman, 2014; Giridharadas, 2019a).
Furthermore, it also assumes that two ends of a political discourse have equal merit and
deserve equal exposure, which amounts to algorithmic bothsidism. Finally, in arguing that
builders of IR systems should shift exposure out of fairness concerns, it inadvertently nor-
malizes the idea that it is acceptable for institutions and individuals who own these systems
to exert enormous influence over public discourse of social and moral import. Instead, it is
our perspective that IR needs a fundamentally different and cross-disciplinary approach to
these questions, one that centers on engaging and co-producing with other academic sub-
fields, such as STS (Hackett et al., 2008) and critical theory of technology (Feenberg et al.,
1991; Feenberg, 2002).

We must also assess the validity of constructs that we employ in fairness research. For
example, Jacobs and Wallach (2021) point out that race and gender, that are often the focus
of group fairness research, are contested constructs, and indeed so is the construct of fairness
itself. While several papers on fairness have employed gender as a group variable, Pinney
et al. (2023) caution us that much more care should be taken in this practice, for example,
to ensure that we respect everyone’s right to self-identify their gender and recognize the
fairness concerns of non-binary peoples. Patro et al. (2022) encourage us to to move beyond
fairness definitions that are grounded in discrete moments and to consider the long-term
impact of fairness interventions. Fairness research itself may contribute towards certain
negative externalities in the long-term, such as encouraging more pervasive collection of
protected demographic attributes and further intensification of data surveillance (Zuboff,
2023) of already marginalized groups in a misguided attempt to bridge the data gaps that
may be responsible for the system’s disparate quality of service across groups.

Similarly, an important question that all transparency research must contend with is:
transparency towards what end? Some works (Polley et al., 2021; Schmitt et al., 2022)
motivate transparency as a means to increase user trust in the system. However, we should
be critical of whether that trust is warranted, or whether transparency mechanisms could in

4. For example, some studies on log-based fairness audits depend on the availability of user provided
demographic attributes. In our experience, such attributes are often available only for a small subset
of users—such as for signed-in users—who typically are more loyal users of the product and on average
much better satisfied with system performance than the general population. Audits based on this sub-
population may significantly under-report bias and unfairness issues faced by users. Better understanding
of such practical challenges can motivate the community to work on specific research questions, such as
fairness considerations under distributional shifts and with noisy (Ghazimatin et al., 2022; Mehrotra and
Vishnoi, 2022) or missing demographic attributes (Lazovich et al., 2022; Do and Usunier, 2022).
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fact draw users into a false sense of safety and distract them from noticing how the system
surveils them and subtly manipulates their behavior (Ravenscraft, 2020; Morrison, 2021).
Indeed, Hollanek (2023) argue that “only the sort of transparency that arises from critique—
a method of theoretical examination that, by revealing pre-existing power structures, aims
to challenge them—can help us produce technological systems that are less deceptive and
more just”. It is that kind of critical reflection that we believe should inform transparency
research in IR and lead the community towards explicit goals to challenge power (e.g., the
power that system owners hold over users) and safeguard user agency.

On the same lines, misinformation research should be motivated by sociotechnical vi-
sions for the future of democratic societies, public health, and knowledge production. When
we broaden that frame, it becomes apparent that the community must not only focus on
automated fact checking, an important research problem, but also understand the social,
political, and economic conditions under which misinformation and disinformation is pro-
duced and disseminated. The focus of misinformation research then should include iden-
tifying, understanding, and addressing the structural mechanisms of misinformation—e.g.,
data voids (Golebiewski and Boyd, 2019)—as well as ground itself in the articulation of IR’s
role in online knowledge production, public health education, and information literacy.

Our perspective here on ongoing research on fairness, transparency, and ethics in IR
should not be misconstrued as an argument for doing less of this kind of work. Instead, we
believe that the community should be explicit and more ambitious about the changes it wants
to affect in broader society and conduct research with a clear mapping between the research
goals and the desired social impact. Just as Johnson (2014) challenges the notion that open
data directly leads to information justice, we want the IR community to be cautious in their
assumption that working on narrowly defined questions of fairness, transparency, and ethics
necessarily contributes towards practical social good. To be effective in that endeavour, we
believe that we should be explicit in articulating our collective visions for our sociotechnical
futures, the changes we want to affect in society, and how we envision our research can bring
about those changes.

3 Towards sociotechnical change

Sociotechnical imaginaries are not born in vacuum. They are moulded and shaped by our
values and our politics. Deliberation over what futures we want to bring into being is
essentially political, and challenges us to critically reflect on our community’s shared, and
yet pluralistic, political values. While the call for explicit political reflection in IR may come
as a surprise to some, we need to recognize that our research and the artefacts we produce do
not exist outside of the current sociopolitical order (Friedman and Kahn Jr, 2007; Flanagan
et al., 2008; Miller, 2021) but as essential cogs in the system, and the absence of political
reflection does not imply an absence of politics in our work, but rather translates to implicit
complicity in propping up the status quo and neoliberalism (Dourish, 2010; Feltwell et al.,
2018; Keyes et al., 2019). Instead, we can learn from how some of our neighboring fields,
e.g., HCI and AI, have engaged with these questions, and reflect on how politics shapes and
intersects with our own research agendas.

54



Search and Society: Reimagining Information Access for Radical Futures

3.1 Prefigurative politics in other IR-adjacent fields

There are several strands of research in IR-adjacent fields that explicate prefigurative pol-
itics (Asad, 2019) and ground research in humanistic (Bardzell and Bardzell, 2016a, 2015;
Werthner et al., 2024), anti-oppressive and emancipatory (Smyth and Dimond, 2014; Bardzell
and Bardzell, 2016a; Kane et al., 2021; Monroe-White, 2021; Saxena et al., 2023), femi-
nist (Wajcman, 2004, 2010; Bardzell, 2010; Bardzell and Bardzell, 2011; Bardzell et al., 2011;
Bardzell and Bardzell, 2016b; Bardzell, 2018; D’ignazio and Klein, 2020), queer (Light, 2011;
Klipphahn-Karge et al., 2024; Guyan, 2022), postcolonial and decolonial (Irani et al., 2010;
Philip et al., 2012; Dourish and Mainwaring, 2012; Sun, 2013; Ali, 2014, 2016; Akama et al.,
2016; Irani and Silberman, 2016; Adams, 2021; Mohamed et al., 2020), anti-racist (Abebe
et al., 2022), anti-casteist (Kalyanakrishnan et al., 2018; Sambasivan et al., 2021; Vaghela
et al., 2022a,b; Shubham, 2022; Kanjilal, 2023), anti-ableist (Williams et al., 2021; Sum
et al., 2024), anti-fascist (McQuillan, 2022), abolitionist (Benjamin, 2019; Barabas, 2020;
Earl, 2021; Jones and Melo, 2021; Williams and Haring, 2023), post-capitalistic (Feltwell
et al., 2018; Browne and Green, 2022), and anarchist (Keyes et al., 2019; Linehan and
Kirman, 2014; Asad et al., 2017) epistemologies. Reviewing this full body of literature is
out-of-scope of this work but we briefly present a sample to draw from and motivate new
IR research agendas for sociotechnical change.

Bardzell and Bardzell (2016a) define humanistic HCI as “any HCI research or practice
that deploys humanistic epistemologies (e.g., theories and conceptual systems) and method-
ologies (e.g., critical analysis of designs, processes, and implementations; historical genealo-
gies; conceptual analysis; emancipatory criticism) in service of HCI processes, theories,
methods, agenda-setting, and practices”, and include emanicipatory HCI as an aspiration of
humanistic HCI. Kane et al. (2021) propose to incorporate emancipatory pedagogy (Freire,
2020) that does “not advocate the oppressed simply rise and overthrow their oppressors.
Instead, [. . . ] the oppressors and oppressed create new educational processes that would
allow them to work together to create a new type of society that was emancipatory for all”.

In STS, there is a body of work (Longino, 1987; Wajcman, 1991; Hubbard, 2001; Turkle,
2004; Herring et al., 2006; von Hellens et al., 2007; Haraway, 2013; Michelfelder et al., 2017)
on gendered inequities caused by technology, and how technology and gender relations mu-
tually shape each other (Wajcman, 2004, 2010). In HCI, Bardzell et al. (Bardzell, 2010;
Bardzell and Bardzell, 2011; Bardzell et al., 2011; Bardzell and Bardzell, 2016b; Bardzell,
2018) propose to incorporate feminist theories (Kolmar and Bartkowski, 1999; Friedan, 2010)
into research and practice. Bardzell (2010) posits that feminist theories can contribute to
interaction design both by critiquing and by generating new insights that inform and shape
designs and design processes. We can see feminist HCI in practice in the works of Dimond
et al. (Dimond, 2012; Dimond et al., 2013). In the context of speculative design (Auger,
2013), Martins (2014) emphasize the need for intersectional (Crenshaw, 1989; McCall, 2005;
Crenshaw, 2013) feminist lens in critiquing and dismantling structures of oppression. Fem-
inist theory, methods, and epistemologies have also influenced AI research (Adam, 1995,
2013; Wellner and Rothman, 2020; Browne et al., 2023; Toupin, 2024). Erscoi et al. (2023)
highlight how women are erased from and by AI technologies. Leavy et al. (2021) propose
ethical data curation approaches grounded in feminist principles. Using feminist epistemol-
ogy, Huang et al. (2022) critique existing practices of explainable AI, and Varon and Peña
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(2021) critique practices for obtaining digital consent in data extractivist practices in AI.
Gender theory have also been employed in these fields in the forms of Queer HCI (Light,
2011) and Queer AI (Klipphahn-Karge et al., 2024). Both highlight queering (Sta, 1997;
Brooks et al., 2021) as a tactic to challenge the basis on which categories are constructed.

Irani et al. (2010) define postcolonial computing as one that is “centered on the questions
of power, authority, legitimacy, participation, and intelligibility in the contexts of cultural
encounter, particularly in the context of contemporary globalization. [. . . ] It asserts a series
of questions and concerns inspired by the conditions of postcoloniality”. Avle et al. (2017)
criticize the “colonizing impulse” to valorize “universal methods” that are supposedly appro-
priate across cultural and geopolitical boundaries; instead we can draw from works (Alsheikh
et al., 2011; Wong, 2012; Winschiers-Theophilus and Bidwell, 2013; Shaw et al., 2014; Fox
and Le Dantec, 2014; Ahmed et al., 2015; Akama et al., 2016; Sambasivan et al., 2021) that
center on and incorporate indigenous and non-western values and ethics in the critique and
development of technologies. Ali (2014) argue for decolonial computing over postcolonial
which he criticizes as “Eurocentric critique of Eurocentrism” that “tends to privilege cultural
issues over political-economic concerns” and “is noticeably silent about past injustices and
does not engage with the matter of reparations”.

Kaba (2021) define abolition as “a long-term project and a practice around creating the
conditions that would allow for the dismantling of prisons, policing, and surveillance and the
creation of new institutions that actually work to keep us safe and are not fundamentally
oppressive”. The movement challenges us to move beyond the default assumptions and world
views of the carceral state and to dismantle the prison-industrial complex. Incorporating
abolitionist values in computing requires us to oppose carceral technologies, surveillance
technologies, and military applications (Earl, 2021).

Post-capitalist computing assumes “a socio-economic model that completely replaces
capital as the primary method of organising society” (Feltwell et al., 2018). Among other
subjects, research in this area contends with, “the racialized dynamics of labor competi-
tion” (Irani, 2018), dismantling Big Tech’s concentration of power (Verdegem, 2022; Srnicek,
2017), and imagining post-work futures (Browne and Green, 2022; Butler, 2018; Srnicek and
Williams, 2015). Perhaps, the challenges in this area are best summed up in the words of
Jameson (2003): “it is easier to imagine the end of the world than to imagine the end of
capitalism”.

These different political lens lend to imagining new futures of computing but there are
some themes that cut across them. Firstly, they all recognize technology and society as
mutually shaping, and reject both technological determinism (Greene et al., 2019) and the
frame in which technology exists in, what Pfaffenberger (1988) calls, a fetishised form (Marx,
1867) where technology is disembodied and disconnected from social relations. Secondly,
they recognize that the perspectives, goals, and approaches across this spectrum while some-
time distinct are also intersecting. Finally, they all call for structural changes and progress
towards alternative futures for society and computing. Perhaps, these aspirations are best
articulated by Keyes et al. (2019): “radically reorienting the field towards creating prefigu-
rative counterpower—systems and spaces that exemplify the world we wish to see, as we go
about building the revolution in increment”. To affect said changes we need to both recognize
the politics of our work and ground it in broader context of political actions (Wickenden,
2018; Moore, 2020; Green, 2021; Widder et al., 2023; Young et al., 2021).
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3.2 Proposals for IR

The survey of works presented in Section 3.1 hopefully provides some seeds of ideas for how
IR research can be driven by radical new sociotechnical imaginaries. This is not to imply
that these other IR-adjacent fields have achieved the desired success from these approaches,
in fact there are some evidence (Chivukula and Gray, 2020) that point otherwise. Rather,
we should recognize that how values and politics can inform computing research is still an
open question, and they may apply differently to IR than these other fields. The challenge
then for the community is to collectively engage and push towards sociotechnical change. In
the remaining of this section, we discuss how we imagine some of these frames and values can
guide us towards open challenges in information access. However, these examples should be
interpreted as just that, as examples, not our recommendation for specific research questions
the community should focus on. The actual research agenda should be developed through
participatory processes that simultaneously focuses on both identifying technical research
questions and building diverse communities with shared understanding of these challenges
and shared commitments to address them.

Through the lens of feminist, queer, and anti-racist IR, we could critique existing ap-
proaches to ranking fairness, not only in terms their use of socially constructed categories,
such as race and gender (Pinney et al., 2023), but question if it is the appropriate framing at
all for the problems it purports to solve. For example, instead of trying to algorithmically fix
under-representation of women and people of color in image search results for occupational
roles, we could reclaim that digital space as a site of resistance and emancipatory peda-
gogy by allowing feminist, queer, and anti-racist scholars, activists, and artists to create
experiences that teach the history of these movements and struggles.

In context of decolonial IR, ongoing fairness research may co-develop relevant local in-
tervention strategies with legal scholars in recognition of significant differences in legal treat-
ment of topics such as affirmative action across geographies. This shifts fairness research
away from abstract universal notions of bias and fairness towards locally-significant societal
impact (i.e., think local, act local).

Anti-oppressive IR research may concern itself with questions such as: Can we translate
Freire’s (Freire, 2020) anti-oppressive pedagogy to strategies for anti-oppressive information
access? Can search result pages support dialogical interactions between searchers that allows
for communities of searchers to add context to the search results, as an alternative to central-
ized moderation? Unlike conversation search, that is framed as interaction between the user
and the system, the idea of dialogical search interfaces challenges us to build sophisticated
sociotechnical solutions to support dialog between searchers in context of specific search in-
tents in ways that leads to knowledge production and better digital literacy. Anti-oppressive
and anti-capitalist perspectives may also motivate us to reimagine search and recommender
systems as decentralized and federated.

IR research may also employ these lenses as instruments of critique. For example, in
the enterprise context, Gausen et al. (2023) adopt decolonial and anti-capitalist lens to
expose how information and knowledge access systems may commodify and appropriate
knowledge from workers. We should also critically challenge the employment of what Gray
and Suri (2019) calls Ghost Work in IR research both as a labor issue and through the lens
of decolonization. In abolitionist IR, we must ensure that the techonologies we build cannot

57



Mitra

be used for surveillance or any other military or carceral applications. The community may
also consider more radical direct actions such as developing critical theories of information
access, or collectively organizing to abolish Big Tech (Kwet, 2020).

3.3 Where do we start?

We are calling for not only a significant shift in what the IR community works on, but fun-
damentally changing the arrangements within our community that determine on an ongoing
basis our research agendas. Beyond explicating our values and sociotechnical imaginaries,
we need to develop frameworks that help us appropriately prioritize societal needs against
the needs of the user, the publisher, and the platform owners. We also need new research
that reimagines how IR can be informed by different epistemologies and political theories.
Finally, we must also critically reexamine the arrangements within our community and cre-
ate spaces for shared sense-making in collaboration with those outside of our field. We
elaborate on these further in this section.

In both academic research and industrial deployment, IR places a strong emphasis on
the needs of the user (consumer). This focus motivates various lines of research includ-
ing: understanding user needs (through lab studies, log analysis, surveys, etc.), optimizing
the search system towards those needs (e.g., relevance optimization, personalization, and
improving response time), and validating that proposed system changes indeed benefit the
user (through online experimentations and further lab studies). Salient in industry set-
tings are the needs of the system owners—e.g., revenue, market share, and brand—that
drive significant decisions for system design and deployment, but have historically been of
lesser concern to academic IR research. Real-world IR system deployments also engage with
content producers and publishers, e.g., web publishers and the search engine optimization
community for web search engines, and artists for music recommender systems); although
how their needs are weighed against the needs of system owners and users may vary, e.g.,
(Guttenberg, 2012; Plaugic, 2015). IR research has considered questions of fairness between
producers, but have rarely focused on the power differentials between system owners and
producers, and its implications for producers.

Societal concerns in both IR research and industry settings have commonly been framed
through a narrow lens of harm mitigation, such as “how do we make the IR system more
fair? ” and “how do we reduce misinformation in search results? ”, without fundamentally
challenging the frames in which these systems are designed and deployed, e.g., centralized
control and profit incentives (Mager, 2012; Taplin, 2017). IR systems are deeply embed-
ded in sociopolitical and organization context. However, instead of grounding IR research
in questions around its role in online and institutional knowledge production, literacy and
informed citizenry, public health education, and social justice, the community has typi-
cally constrained themselves to improving measurable system attributes like relevance and
efficiency.

Articulating different stakeholder concerns is a prerequisite to any conversation about
reprioritizing our research agendas and recentering IR research on societal needs. In Figure 1,
we propose a hierarchy of stakeholder needs that IR research should concern with. Contrary
to the status quo, we believe that IR system design and research should explicitly reflect
how these systems should contribute to knowledge production, public education, and social
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System owner needs
revenue, market share, brand

Producer needs
brand exposure, traffic, content monetization

Consumer needs
relevance, efficiency, personalization

Societal needs
informed citizenry, reliable health information, social justice

Figure 1: Hierarchy of IR stakeholder needs. More fundamental and critical needs are at
the bottom of the pyramid. This figure is inspired by Maslow’s Hierarchy of
Needs (Maslow, 1958) and Siksika (Blackfoot) way of life (Ravilochan, 2021).

movements, and that broader framing of societal concerns should be the most fundamental
stakeholder need that should inform and shape IR research. This should then be followed
by concerns of the consumer and producer needs, and lastly the needs of the system owners
themselves. The needs of the consumers, producers, and system owners should not override
the need of the collective society, just as the needs of the system owners should not be
prioritized over the needs of the consumer and the producers. This is the shift in our
research thinking, agendas, and impact that we are pushing for in this paper.

To realize structural changes in IR and meaningfully challenge dominant imaginaries we
must also invest in research that specifically explores and builds on the connections between
IR and different epistemologies and social and political theories. Examples of such work may
consider how IR system design can support different models of democracy (Vrijenhoek et al.,
2021; Helberger, 2021) and emancipatory aspirations (Mitra, 2025). We must also ensure
that such research does not happen in isolation but is grounded in a collective effort to build a
movement within the IR community. This requires us to acknowledge and value community
building as an important part of IR research. In this context, it is important to emphasize
that our call for re-centering societal needs in IR research must not be confused for a call for
technosolutionism. Quite the contrary, we believe we need safe spaces where IR researchers
can engage with scholars from other diverse fields, legal and policy experts, activists, and
artists, in a recognition of a collective struggle to develop shared understandings of the
core challenges and what IR research can offer to this process. These spaces are critical for
cross-pollination of ideas and shared sense-making, which are vital for realizing structural
changes. As Tsing aptly puts it:

“We are contaminated by our encounters; they change who we are as we make way
for others. As contamination changes world-making projects, mutual worlds—and
new directions—may emerge. Everyone carries a history of contamination; pu-
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rity is not an option. [. . . ] staying alive—for every species—requires livable
collaborations. Collaboration means working across difference, which leads to
contamination. Without collaborations, we all die.”

– Anna Lowenhaupt Tsing
The mushroom at the end of the world:

On the possibility of life in capitalist ruins (Tsing, 2015)

Through these exchanges we must build relations of solidarity; work together to ar-
ticulate pluralistic desirable sociotechnical futures, co-develop theories of change and new
research agendas to support our aspirations; vigilantly critique our own assumptions and
the structures that we exist in and conduct our research in; and critically assess the impact
of our work not by publications or scholarly metrics but in terms of affecting real social
change. In other words, before we can transform our platforms and systems we need to
transform our communities and how we conduct research. And it is vital that we approach
these spaces with curiosity and humility; in recognition of our own incomplete understanding
of the world; open to change and be changed by these encounters. In this context, it would
do IR researchers good to keep in mind the words of activist Lilla Watson.

“If you have come here to help me you are wasting your time, but if you have
come because your liberation is bound up with mine, then let us work together.”

– Lilla Watson and other members of an
Aboriginal Rights group in Queensland5

This praxis will be unfamiliar and the learning curve frustrating; but hopefully the mu-
tual shaping of IR techonology and society will be ultimately rewarding for us all. And we
must embark on this transformative journey fully acknowledging that challenging dominant
imaginaries is challenging power itself. To affect counter-imaginaries we must therefore actu-
alize counter-structures and alternative funding mechanisms that can sustain this research
in the face of likely reprisals from those whose power and visions are threatened by our
proposed transformations.

3.4 Who should do this work?

In his highly influential work “Pedagogy of the oppressed”, Freire (2020) criticizes the “bank-
ing” concept of education: “Education thus becomes an act of depositing, in which the
students are the depositories and the teacher is the depositor. [. . . ] knowledge is a gift
bestowed by those who consider themselves knowledgeable upon those whom they consider
to know nothing. [. . . ] But the humanist, revolutionary educator cannot wait for this pos-
sibility to materialize. From the outset, her efforts must coincide with those of the students
to engage in critical thinking and the quest for mutual humanization. His efforts must be
imbued with a profound trust in people and their creative power. To achieve this, they must
be partners of the students in their relations with them.” These profound words present a

5. While often credited for this quote, Watson explained (Reblog of report from Northland Poster) that
this came out of a collective process by an Aboriginal rights group in Queensland that she was part of.
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critique that we believe is also relevant to how we conduct fairness and ethics research in
the IR community today.

Our default modes of doing research, like pedagogy, takes for granted the validity of
experts and expertise as integral to knowledge production. While this may be effective when
our research involves improving ranking or developing new evaluation measures, we posit it is
the wrong approach when the goal of the research is to affect sociotechnical change. It would
be narcissistic to imagine that sociotechnical research of moral import can be conducted by
the few in our community and then “deposited” to the rest. Instead these concerns should be
central to all IR research and we should collectively engage in dialogical praxis. Ultimately,
research that attempts to affect sociotechnical change does not just transform technology,
but also the researcher, and both are necessary for progress.

To challenge the homogeneity of the future imaginaries—saliently bound by colonial,
cisheteropatriarchal, and capitalist ways of knowing the world—that shape our research,
we need broad and diverse participation from our community. But it is also in that very
context that we must critically reflect on the topic of membership in our community itself.
ACM SIGIR has a commendable emphasis on the topic of Diversity, Equity, and Inclusivity
(DEI) (Verberne et al., 2024; Kobayashi, 2017; Goharian and Bast, 2022; Goharian et al.,
2023, 2021). For our sociotechnical imaginaries to be informed by pluralistic social, cultural,
and political perspectives we not only need significantly improved representation from his-
torically underrepresented and marginalized groups in our community, but also be inclusive
of their politics and world views. Inclusion of people without inclusion of their history and
struggles is simply tokenism and epistemic injustice (Fricker, 2007). That is why we believe
that we, as a community, should go beyond just diversity and inclusivity (D&I), and enshrine
as our goal Justice, Equity, and Diversity & Inclusivity (JEDI)—in which context D&I is
both a means towards justice and equity, and also an end in itself. As Keyes et al. (2019)
put it: “This must be about more than just bodies: it is not diversity if we only accept
marginalised people who are stripped of the epistemic models that underpin experiences of
being Other, or have the work they draw from those models held to an unequal standard of
legitimacy”.

Lastly, we reiterate the important role of industry researchers in this process. They
should take advantage of their proximity to large-scale systems to identify, understand,
and communicate concerns of societal import and partner with academia to work on those
challenges. The spaces they occupy are also sites for resistance (Wickenden, 2018; Widder
et al., 2023).

4 Why now?

The arguments we present in this paper to reimagine our sociotechnical futures and center
IR research on societal needs have always been relevant to the field. However, there is a
confluence of several factors that makes this discourse particularly relevant in the present
moment. Research communities constantly evolve, shaped by ideas and developments from
both within the field and adjacent communities, and in response to real world events and
changing societal needs. In case of IR, we believe we are seeing significant developments in
both context at present: (i) A fast-changing landscape across IR and adjacent fields, such as
natural language processing (NLP), HCI, ML, and AI, spurred by recent progress in LLMs
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and other generative AI approaches, and (ii) an increasing recognition of the role of technol-
ogy, and the communities that build it, in determining our collective futures. Consequently,
there is a shared sense in the community that right now both IR technologies and IR re-
search have been made malleable and are undergoing transformative changes under these
forces of emerging new computational capabilities and evolving societal needs (Azzopardi
et al., 2024a). This presents a timely opportunity for the field to consciously, collectively,
and ambitiously engage in purposeful dialog about the future of the field while metaphori-
cally the “IR(on)” is hot and before it is irrevocably shaped by unexamined imaginaries of
those with power and influence over present day IR research. In doing so, we must also
critically reflect on “where do we want to go? ” (i.e., our sociotechnical imaginaries), “how
do we get there? ” (i.e., our theories of change), and “who will we go there with? ” (i.e.,
our relationships, and that of our work, with other disciplines, governments, industry, and
society). These considerations should drive future IR research as a whole, and we should
accept this opportunity to re-center our research agendas on societal needs while dismantling
the artificial separation between the work on fairness and ethics in IR and the rest of IR
research.

LLMs are changing how we access information. The natural language generation
capabilities of LLMs are having a profound effect on how we access information and in what
context. Conversational search interfaces have gone from being aspirational (Anand et al.,
2021; Metzler et al., 2021) to being deployed at web-scale (e.g., Bing Chat6 and Google
Bard7) in a span of two years. While the long-term social implications of inserting an LLM
between a retrieval system and the information seeker should rightly be met with rigor-
ous skepticism (Shah and Bender, 2022), natural language interfaces are already impacting
how we interact with IR systems. The ubiquitous search box is being challenged as IR
becomes more context-driven than user-driven as a consequence of LLMs increasingly em-
bedding themselves in user’s work processes—e.g., Microsoft Copilot for M365 (Mehdi, 2024;
Warren, 2024)—and interacting with the IR system on the user’s behalf, under retrieval-
augmentation (Lewis et al., 2020; Zamani et al., 2022).

While we should be excited with the new prospects that these emerging AI technologies
unlock and recognize that they will shape how we access and interact with information in
the future, we must not be duped by AI techno-determinism into believing that there is a
single pre-determined path forward. Instead, we must hold pluralistic views of what IR’s
future, one that is yet to be determined, looks like and how these technologies will take
us there. In a study of top-cited AI papers, many of which are coauthored by researchers
affiliated with industry or elite universities, Birhane et al. (2022) find that the dominant
values expressed and operationalized support concentration of power. So, we must ask: in
what new ways can we imagine accessing and interacting with information, aided by LLMs,
if large-scale IR systems were not just a purview of Big Tech? How would LLMs empower
us to reimagine IR systems whose explicit goal is to dismantle hierarchies and redistribute
power, not to centralize it? What role would AI technologies play in information access
that is built explicitly to facilitate dialogical social processes for knowledge production, world
building, and our collective struggles for universal emanicipation? It is critical that we have

6. https://chat.bing.com/ (now Microsoft Copilot (Mehdi, 2023))
7. https://bard.google.com/
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these conversations now in the face of ongoing massive technology-driven power shifts in
favor of dominant established platforms that grants their visions of the future normative
status and shrinks the space for any critique, resitence, or counter-imaginaries.

LLMs are shifting priorities of IR research. Over the last decade, deep learning
technologies became the new hammer in the toolbox for IR research (Mitra and Craswell,
2018; Lin et al., 2020; Fan et al., 2022), dominating IR publications with nearly four out
of five papers at the ACM SIGIR 2020 conference being related to deep learning by some
estimates (Mitra, 2021). One particular focus of neural IR has been on estimating relevance
of information artefacts (e.g., documents) to an information intent (e.g., as expressed by a
search query) for ranking, a central problem in IR. Curiously, many of the key ingredients
for this research, such as the Transformer architecture (Vaswani et al., 2017) and the idea
of pretrained LLMs, like BERT (Devlin et al., 2019), came from fields adjacent to IR;
correspondingly, shifting the focus within the field more towards adapting these models for
the relevance estimation task—e.g., (Nogueira and Cho, 2019)—and making them more
efficient (Fröbe et al., 2024).

More recently, Thomas et al. (2024) demonstrated that LLMs, like GPT-4 (OpenAI,
2023), are able to estimate the actual searcher’s preference for documents, given their query,
better than several populations of human relevance assessors. This technology has already
been deployed in production at Bing.8 Putting it bluntly, these LLMs may be getting close
to the best we can expect with machine learned general purpose relevance estimators. If
these claims stand the test of time, it may mark a watershed moment for IR research. Spec-
ulatively, we may see the IR community further shifting towards: (i) Improving efficiency
of these models, (ii) focusing on more specialized information needs—e.g., tip-of-the-tongue
information needs (Arguello et al., 2021), and (iii) increasing investments in measurement
and evaluation—e.g., for emerging new IR scenarios, such as retrieval-enhanced machine
learning (Zamani et al., 2022). Alternatively, we may ask: How can the IR community meet
this moment, not with apprehension nor with unchallenged exuberance for progress happen-
ing in adjacent fields, but truly grasp this opportunity to redefine what it means to work
on IR research? Can we be unabashedly discontent with imagining the future of IR based
wholly on what new AI progress makes plausible, and instead reimagine our field as a place
where knowledge, culture, and radical aspirations meet to demand of technology to make new
futures possible? Alternatively, if we fail to articulate an aspiring vision for IR research, we
risk as a field being reduced to just an application of AI.

LLMs are raising new sociotechnical concerns. It is well-known that language models
reproduce, and even amplify, harmful stereotypes and biases of moral import (Friedman and
Nissenbaum, 1996) that are present in their training data (Bolukbasi et al., 2016; Caliskan
et al., 2017; Gonen and Goldberg, 2019; Blodgett et al., 2020; Bender et al., 2021; Abid et al.,
2021). One particular mitigation strategy involves using ML approaches that learn from
human preferences, such as reinforcement learning from human feedback (RLHF) (Christiano
et al., 2017; Ziegler et al., 2019), to align with “human values” (Kasirzadeh and Gabriel,
2023; Tamkin et al., 2021). While RLHF has been quite effective in constraining LLMs from
producing certain types of offensive and harmful content, we must be wary of any framing
of AI ethics, such as AI alignment (Russell et al., 2015; Gabriel, 2020; Gabriel and Ghazavi,

8. https://twitter.com/IR_oldie/status/1659413086007328768
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2021), that presupposes the existence of universal values but that assumption does not hold
true in reality (Prabhakaran et al., 2022; Birhane and Cummins, 2019; Jobin et al., 2019;
Png, 2022; Sambasivan et al., 2021). This is particularly concerning if we look at this in
the context of power asymmetries that exist between powerful private corporations, who
have outsized influence over what values these models are optimized for, and those who
use these models or are represented in some fashion in the model outputs. This is further
compounded by the lack of appropriate mechanisms for civil society to participate in and
challenge these choices. Indeed, by placing these controls in the hands of the privileged
few, we risk further concentration of power. The concerns of biases in what these models
produce, and even biases in what context they refuse to generate (Urman and Makhortykh,
2023), and who gets to influence those decisions have serious implications for information
access and society. Finally, the development of LLMs themselves may involve potential
harms to authors (Davis, 2023; Lawler, 2023; Browne, 2023; Shetler, 2024; Milmo, 2024),
crowdworkers (Gray and Suri, 2017; Ekbia and Nardi, 2017; Gray and Suri, 2019; Roberts,
2019; Jones-Imhotep, 2020; Roberts, 2021; Williams et al., 2022; Perrigo, 2023; Dzieza, 2023),
and even the environment (Bender et al., 2021; Patterson et al., 2021; Bommasani et al.,
2021; Wu et al., 2022a; Dodge et al., 2022; Patterson et al., 2022).

In a critical perspective, Shah and Bender (2022) recommend that IR research should
focus on developing appropriate guardrails in anticipation of the social implications of these
emerging technologies and not be constrained by a singular LLM-powered conversational
search vision for IR. With this we agree, we should be excited by the new capabilities
unlocked by recent progress in LLMs but must not limit our imaginations and aspirations by
only what LLMs make plausible. We must also consider the broad sociotechnical implications
of deploying these emerging technologies in the context of information access (Mitra et al.,
2024), and their systemic consequences and risks.

Our relationships with adjacent communities are changing and so is how we do
research. Not long ago, many in the IR community would tout IR, and specifically web
search, as a rare success story of real-world application of ML, AI, and NLP technologies.
A sea change in these adjacent communities in the last decade have shifted this balance.
Now, many see IR as just another NLP task, sometimes included in NLP benchmarks (e.g.,
HELM (Liang et al., 2022)) for evaluating ML and AI models. With retrieval-augmented
LLMs, IR is auditioning for a new role, as a tool for AI models, curiously inverting the
relationship between these technologies, where AI was one of many in the IR toolbox.

These communities are also undergoing significant changes in research culture, often in-
fluencing each other on the way. One particular trend in NLP, and the broader ML and
AI communities, that has influenced IR, is leaderboard-driven research. Several NLP leader-
boards (Bajaj et al., 2016; Goyal et al., 2017; Joshi et al., 2017; Rajpurkar et al., 2018; Wang
et al., 2018; Talmor et al., 2018; Wang et al., 2019; Kwiatkowski et al., 2019; Yang et al.,
2018; Liang et al., 2020) have been instrumental in encouraging progress on specific tasks.
IR has a long history of focus on shared tasks and benchmarks, notably TREC (Voorhees
et al., 2005) that has been a venue for developing new tasks and benchmarks, as well as
building research communities with shared interests around them. What differentiates IR
benchmarking in venues such as TREC from NLP leaderboards is that the former is framed
not as a competition, but as a coopetition. In a competition, the goal of the participant is to
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outperform others, while in a coopetition the participants share a collective goal to develop
a better understanding of both the task and the models in the spirit of scientific enquiry.
In the words of IR researcher Ian Soboroff:9 “The datasets were not built to be solved.
They were built as tools to understand the problem and the systems we build to ‘solve’
them.”; or as Voorhees (2021) put it: “Coopetition is defined as competitors cooperating for
the common good... While competition can give one a bigger piece of the pie, cooperation
makes the whole pie bigger.” By emphasizing the goals of community development and
understanding of the tasks and the models, these evaluation effort try to promote scientific
enquiry over sportive competition. Even the MS MARCO ranking task that initially started
as a competition later reframed itself as a coopetitive evaluation effort (Craswell et al., 2021;
Lin et al., 2022).

As a community we should cautiously embrace insights and trends from our neigboring
fields. However, we should not let IR be minimized to just an evaluation task which under-
mines the critical responsibility that IR researchers owe to the broader society. Similarly,
while leaderboards and competitions may be effective in creating excitement and increasing
participation in certain tasks, we must be mindful of the implications of potentially a large
section of the IR community being driven predominantly by these practices. When the goal
is to win, then scientific inquiry takes a back seat, and the ones with the most compute and
data resources take the metaphorical steering wheel. It risks, what Gausen et al. (2023)
call, albeit in a different context, shifting from praxis—i.e., “reflection and action directed
at the structures to be transformed” (Freire, 2020)—to proxies, i.e., optimizing towards
proxy quantitative measures of outcomes. Actions in this context may refer to any research
activity, including but not limited to: formalization, design, experimentation, publishing,
artefact creation, open sourcing, and community building; and examples of proxies include
state-of-the-art (SOTA) performance on benchmarks and leaderboard rankings that do not
translate to better scientific understanding or positive impact on people.10

Yet another relationship that we must critically examine is the one between industry
and academia. Whittaker (2021) point out that the concentration of data and compute
resources, two key ingredients in recent advances in AI, in the hands of few large tech
corporations is giving these same institutions tremendous power to shape academic research
agenda. Big tech also shapes academic research agendas in various other ways, including
academic engagements and employments. In IR, the MS MARCO dataset (Bajaj et al.,
2016) and leaderboard (Craswell et al., 2021; Lin et al., 2021, 2022), and the TREC Deep
Learning track (Craswell et al., 2020), that has been broadly adopted for benchmarking
deep ranking models were produced and is currently maintained by industry researchers.
Indeed, the organizers behind these efforts themselves recognized (Craswell et al., 2021;
Lin et al., 2022) the critical responsibility that comes with defining critical research tasks
for the community—effectively playing “the Pied Piper guiding a significant section of the
community down specific lanes of research”—and recommend all benchmark developers to
engage in open and inclusive discussions with the rest of the community to critically examine

9. https://twitter.com/ian_soboroff/status/1426901262369439751
10. This is a case of Goodhart’s law (Chrystal and Mizen, 2001; Goodhart, 1975; Hoskin, 1996; Thomas and

Uminsky, 2022) whereby improvements on benchmarks and corresponding metrics do not translate to
progress on the problem the benchmark was created for, as has been argued for example by Hsia et al.
(2023).
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their impact. While academia-industry collaboration is critically important for the field to
ground our research in real large-scale systems and see our research outputs materialize into
real impact on system users, we must also resist the homogenization of our research agendas
towards a singular world view put forth by Big Tech capitalism.

The world is changing and so is our relationship to that world. Our world at large
is experiencing a confluence of many simultaneous, and mutually reinforcing, forces that are
increasingly pushing us towards precarity, including but not limited to: increasing global
wealth and income inequality (Chancel et al., 2022), rising global conflicts (Taylor, 2023;
United Nations Meetings Coverage and Press Releases), pandemics (Scientist, 2021; Taylor,
2022; for Disease Control et al., 2022), and impending climate catastrophes (Parmesan et al.,
2022; IPCC, 2013; Poynting and Rivault, 2024). At a moment when the world needs global
solidarity built on trust and consensus, and informed citizenry with robust access to reliable
information, online disinformation and misinformation are undermining both (Turrentine,
2022; Treen et al., 2020; Kata, 2010; Allcott and Gentzkow, 2017; Doubek, 2017; Beaumont
et al., 2020; Zadrozny, 2024; Swenson and Fernando, 2023). While these complex global
challenges require sophisticated and multifaceted response that spans across the political,
legal, economic, and technological realms, one thing is for certain that information access
research has a role to play. So, will we answer the call?

5 Conclusion

Despite good intentions. We must be vigilant and reflexively critique our impact,
whether under the model of existing fairness and ethics research in IR or under the proposed
shift. The call for pluralistic sociotechnical imaginaries must not in this context be confused
with uncritical acceptance of all possible futures as equally valid or desirable. Instead, this
is a call for critical examination of our community’s existing normative values and future
aspirations. This work not only involves explicating our sociotechnical imaginaries but also
engaging critically with the history of technology—e.g., (Merchant, 2023)—and challenging
harmful silicon valley ideologies that are counter to the goals of universal emanicipation and
justice—e.g., (Gebru and Torres, 2023). Above all, we should be wary of any promises of
the future that further concentrates wealth and power, or advances any notion of altruism
in place of structural change (Giridharadas, 2019b).

Desired outcomes. Having emphasized the importance of theories of change and ensuring
that our research has the desired societal impact and not merely constitute an intellectual
exercise, it is only fair that we explicate our own desired outcome of this particular work.
We authored this paper because we sincerely believe that information access has a critical
role to play in determining our collective futures; and that real change can not be realized by
fairness and ethics research happening in silos but only when combined with raising social
consciousness, organizing, and movement building. We would consider it a failure if this
paper is only cited in future IR papers as a passing remark on social responsibility of IR
research. Instead, we hope this work sparks many passionate conversations and debates
within the community, and radicalizes us to work on issues of social import in collaboration
with other disciplines and civil society. But above all, we hope this paper serves as a clarion
call to all IR researchers to reflect on why we do what we do. Personally, we hope that the
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community continues to build technology not just because we love technology itself, but as
an act of radical love for all peoples and the worlds we share. So, we conclude with one final
quote for our readers.

“Another world is not only possible, she is on her way. On a quiet day, I can
hear her breathing.”

– Arundhati Roy
War talk (Roy, 2003)

Positionality statement

The author of this paper works at a large technology company in the global north. However,
the perspectives presented in this work is intended to challenge Big Tech and global north’s
view of technology and our collective futures.
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